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1. Introduction 

This research focuses on identifying the 
relationship between stock market return and 
stock market liquidity in Vietnamese stock market. 
Specipcally, this research examines whether or not 
stock market return in the past has an impact on 
stock market liquidity at present. 

The time period which was selected to be 
investigated is from 24 February 2009 to 31 July 
2012. 24 February 2009 marked the lowest level 
of Vn-Index due to the 2007 pnancial crisis and 
the burst of stock market bubble; and after that 
Vietnamese stock market began to improve and 
remained more stable. The chosen time period 
after that date helps eliminate inouence factors 
which were generated by shocked events such 
as pnancial crisis and stock market bubble burst. 
Since those events rarely occur and the outcome 
of this research is not aqected by those events, 
the applicability of this research would be more 

general and this research can be applied to the 
market when it is in normal condition.   

In order to achieve the overall aim of this 
research on Vietnamese stock market, all 
research objectives are identiped and will be 
dealt with during the paper as follows: 

- Explore the causal relationship, if it exists, 
between market past return and market liquidity.

- Identify a model in forecasting the daily liquidity 
from lagged daily returns of up to pve days.
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 Abstract

 This paper examines the causal relationship between stock market past returns and stock market 
liquidity in Vietnam. This research employs time series analysis and ARCH models to analyze daily, 
weekly and monthly data obtained from Vietnamese stock market. Expectedly, the lndings of this 
research conlrm a strong and positive relationship between market past returns and market liquidity 
for daily, weekly and monthly intervals. As well, the research identiles three forecasting models which 
can be used to predict stock market liquidity on daily, weekly and monthly basis from market past 
returns. This research lnds out the feasibility of those models in predicting the change in market 
liquidity from market past return in Vietnamese stock market with a high level of precision. 
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- Identify a model in forecasting the weekly 
liquidity from lagged weekly returns of up to 
four weeks.

- Identify a model in forecasting the monthly 
liquidity from lagged one month market 
monthly return. 

With those objectives presented above, 
the outcome of this research is expected that 
there exists a relationship between the current 
liquidity and past returns in Vietnamese stock 
market, where the changes in stock market 
past returns have an impact on stock market 
liquidity. Furthermore, that relationship is 
anticipated to pt in several forecasting models, 
by which the volatility of stock market liquidity 
can be quantitatively predicted from the change 
in market past returns on daily, weekly and 
monthly basis.  

2. Literature review

2.1. Stock market liquidity

Issue of liquidity in pnancial market has been 
at the center of many economic researches. There 
are numerous papers studying pnancial market 
liquidity in a variety of geographic markets which 
ranges from well-developed markets in United 
States, United Kingdom, Japan, China, European 
countries to newer ones such as Indian, Russian 
and other Asian and African developing countries. 
A number of papers and journals which were 
concerned with the issue of pnancial market 
liquidity have been published since very early time; 
for example, Keynes (1930), Black (1971), Martin 
(1975), Amihud and Mendelson (1980), Harris 
(1990) and O’Hara (1995). Those papers helped 
establish and develop the notion of liquidity in 
pnancial market and other related issues. 

Generally, it can be understood that asset 
liquidity indicates how easily the asset can be 

changed into cash (Lippman and McCall, 1986). 
And in stock market, a stock is more liquid if 

stock holders can buy or sell large number of 

the stock without making a large change in its 
price. There have also been various depnitions 

of liquidity. In a very early research, Keynes 
(1930) considered asset liquidity is how easily it 

is to be realizable without loss. Since then, the 

notion of liquidity has not changed much in its 
nature; liquidity has been perceived in diqerent 

aspects. Mainly, many researchers such as 

Black (1971), Harris (1990) and O’Hara (1995) 
identiped diqerent dimensions of liquidity. 

There are four elements that were identiped 
by Harris (1990); they are: width, depth, 

immediacy and resiliency. “Width” refers to the 

ask-bid spread. “Depth” is the number of shares 
traded at a certain price. “Immediacy” refers 

to the speed of transaction or how quickly a 
certain number of shares are sold or bought at 

a certain price. And “resiliency” illustrates how 

quickly prices of a stock revert to previous level 
after their change as a response to a large order 

oow on the stock exchange. Based on those 

dimensions, models to measure liquidity have 
been proposed.  

According to Benic and Franic (2008), there 

are pve levels of liquidity in the stock market: 
The prst is the ability to trade. This level assumes 

if there is no liquidity there would be no trade 
at all. At the second level, traders can buy or sell 

a certain amount of an asset with an impact on 

the price. Next level provides the ability to buy 
or sell a certain amount of an asset without any 

impact on price. Forth level of liquidity allows 
traders to buy and sell an asset at the same price 

at the same time. And the last level enables the 

activity in forth level immediately. 
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2.2. Volume-based measure of liquidity in 
stock market

This method is used to measure the depth 
aspect of liquidity. Commonly, the turnover ratio 
is employed in this approach. It was calculated in 
Levine (1997) to be the ratio of trading volume 
over market capitalization. The higher the ratio 
is, the higher the market liquidity is.  Later on, 
turnover ratio, as a proxy of liquidity, has been 
applied by Datar, Naik and Radcliqe (1998), 
Rouwenhorst (1999), Chordia et al. (2001) as well 
as Jun, Marathe and Shawky (2003). This method 
is quite easy to use as information can be easily 
retrieved from public sources. 

The equation below was provided by Sarr and 
Lybek in calculating the turnover ratio through 
trading volume: 

� L L9 3[4=∑             (1)

V: dollar volume traded

Pi: prices of the i trade during a specipc period

Qi: quantities of the i trade during a specipc 
period

� � 
 �Q7 9 6 3=             (2)

Tn: turnover rate

V: depned in (1)

S: outstanding stock of the asset

P: average price of the i trades in (1) 

In addition, “liquidity ratio” model is another 
method to evaluate liquidity based on trading 
volume. It is the ratio of average dollar volume 
over per percent price change. This method was 
used by Martin (1975) in his study about liquidity 
of NYSE stock market. Liquidity ratio method 
was also employed in Cooper, Groth and Avers 
(1983) and Dubofsky and Groth (1984). In this 
approach, the higher the ratio associates with 
the more liquid stock. However, this approach 

was criticized by Grossman and Miller (1988) 
that it failed to distinguish diqerent causes of 
price volatility as well as justify how a sudden 
larger-than-average order would inouence price. 

Wyss (2004) used time related liquidity 
measures for stock market liquidity. In this 
approach, number of transactions in a unit 
of time was observed to illustrate how often 
transactions take place. And the higher value 
indicates higher level of liquidity. In addition, the 
number of orders in a unit of time can also proxy 
stock liquidity. 

2.3. Stock market return as a determinant of 
stock market liquidity

One element which was proved to have a 
signipcant inouence on stock market liquidity 
is market return. A considerable number 
of empirical researches considered the 
contemporaneous relationship between stock 
market liquidity and return, such as Crouch 
(1970),  Karpoq (1987) and Ngugi (2003). 
Crouch (1970), which studied on NYSE; and they 
explored the co-movement of trading volume 
of securities market and the change in market 
absolute value of price. Karpoq (1987) reviewed 
other researches and came to the conclusion of 
the existence of correlation between stock price 
and trading volume. It implied a relationship 
between stock market return and its liquidity. 
In addition, Karpoq synthesized that a price 
increase had a bigger impact in volume than a 
price decrease. Taking the case study of Nairobi 
stock exchange, Ngugi (2003) demonstrated 
that trading activities were aqect signipcantly by 
the level of stock returns. However, it was added 
that there is a need of quality of information and 
enciency of the market to achieve market depth 
and market resiliency. Although stock returns 
did not have an entire inouence on all aspects 
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of market liquidity, it was still a considerable 
determinant to stock market liquidity in terms of 
transaction activities. 

Besides those research studies, there are a few 
related current market liquidity and past return; 
for example Wyss (2004), Chordia et al. (2005), 
Kang et al. (2007), Goyenko and Ukhov (2009) 
and Soderberg (2008a). Wyss (2004) studied 
the relationship between daily return and stock 
market daily liquidity. A relationship between 
market returns and market liquidity was found 
in Swiss stock exchange. However, his pndings 
indicated that market returns signipcantly 
inouence market liquidity on some but not all of 
the lagged values of up to seven days of market 
returns which were investigated.  

Chordia et al. (2005) employed time series 
models on daily data to analyze stock market 
liquidity and return in US stock market. They 
found that day-to-day movements in stock 
market liquidity are aqected by market returns 
and other variable such as order imbalance. And 
this causal relationship between liquidity and 
return is correlative. 

Kang et al. (2007) studied New York Stock 
Exchange and concluded that stock liquidity 
was positively related to market returns. In their 
study, bid-ask spread as a proportion of stock 
price was used as a proxy for stock liquidity. This 
value was found to be strongly impacted by 
negative market returns. In Kang et al. (2007) the 
time series models were built including control 
variables such as lagged individual stock return, 
stock turnover, sell-buy order imbalance and 
change in volatilities. Those control variables 
were the advantage of their models; they helped 
discover that the impact of market declines on 
liquidity is stronger for higher volatility stock.

In investigating the Scandinavian stock 

markets from January 1993 to June 2005, 
Soderberg (2008a) discovered that stock market 
returns had a positive impact on stock market 
liquidity in Stockholm, Copenhagen, and Oslo 
stock exchanges. The data in the research was 
analyzed on monthly basis. Sorderberg found 
that market returns signipcantly Granger-caused 
illiquidity as a rise in return predicted a decrease 
in illiquidity. It presents that market return have 
the positive relationship with market liquidity; 
and furthermore, the Granger-causality 
mentioned in the research indicates that the 
time series value of monthly return can be used 
to predict monthly liquidity (Granger, 1980). 

Goyenko and Ukhov (2009) studied US 
stock and bond market from 1962 to 2003. 
Their pndings discovered that monthly stock 
return had causal relationship with monthly 
stock illiquidity and “an innovation in stock 
returns results in a reduction in stock illiquidity” 
(Goyenko and Ukhov, 2009 p199).

3. Research methodology

3.1. Data collection

In this research, VN30 index will represent the 
whole stock market. VN30 index was established 
on 6th February 2012, comprising 30 Vietnamese 
companies which have the biggest market 
capitalization value and the highest level of 
liquidity. Those 30 companies account for 80% of 
the whole stock market capitalization and 60% of 
total transaction value of the entire market (Nhat 
Binh, 2012). VN30 index, therefore, can represent 
for the whole Vietnamese stock market in terms 
of liquidity condition. This approach of selecting 
stock for researching was applied by Wong and 
Fung (2001) in their study about liquidity of Hong 
Kong stock market. In their study, the aggregate 
liquidity of 33 stocks which account for 80% 
of the market capitalization value was chosen 
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to represent liquidity of the whole Hong Kong 
stock market. Moreover, this approach can be 
considered as “judgment sampling” where the 
target participants are selected on an expert’s 
judgment that they are the representative of 
the population (Burns and Burns, 2008 p204). 
Therefore, in this research the sample was selected 
in the same way since the liquidity in question is 
also the aggregate value of the whole market. 

All daily data which is related to stock market 
will be obtained from 24th February 2009 to 31st 
July 2012 because the period under investigation 
of this research is from the date VN index reached 
the bottom to present. The reason for choosing 
that period was mentioned in the earlier section 
of this research.   

However, the time period which is examined 
in this paper is from February 2009, at that time 
some of the VN30 stocks had not been quoted 
on HOSE. Therefore, those stocks are omitted 
for the period that they did not exist on HOSE. 
Moreover, this collection of 30 companies is 
updated every six month period in January and 
July. Thus, the number of stocks to be examined 
can be less than 30 and the stocks in this 
collection may vary during time. 

The statistics stock trading volume and stock 
market capitalization statistics are obtained from 
website www.Vietstock.vn. The statistics of VN30 
index are obtained from the website of Ho Chi 
Minh stock exchange www.hsx.vn (Hose, 2012) 

3.2. Data analysis 

Measure of stock market liquidity

For the convenience of obtaining data, stock 
liquidity will be calculated through turnover 
rate. The turnover rate which indicates the 
relationship between stock trading volume and 
outstanding volume demonstrates the number 
of times the stock change owners. 

For a single stock, the daily turnover rate is 
calculated as follows:   

�
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With  is the turnover rate of day d; Pi  is the price 
in transaction i; Qi is the number of stock traded 
in transaction i;  is the number of transaction in 
day d. S is the number of outstanding shares of 
the stock and P is the average price of that stock 
trade in day d. 

In this research, the stock market will be 
presented as a whole. Therefore, the turnover 
rate of the whole market will be the aggregate 
turnover rate of every single stock, which is the 
aggregate turnover rate of 30 stocks in VN30 
index. For that reason, the turnover rate of the 
whole market will be evaluated through the 
following equation:
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 With  TRMd represents the turnover rate of the 
whole market on day d. TRk is the turnover rate of 
stock k. n is the number of stocks in VN30 index.

Time series models

There have been many studies about 
the relationship between stock market past 
return and its liquidity. Few of them tested the 
inouence of return on liquidity while the others 
tested the reverse relationship. Kang et al. (2007) 
applied time series analysis to pnd out the 
relationship between stock liquidity and market 
past return. In their models, they calculated the 
change in weekly stock spread to measure the 
change in stock liquidity. Those statistics were 
then regressed on the lagged market return 
which was the return of the previous week. In 
Kang et al. (2007), the eqect of up to four lags of 
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weekly returns was examined. In Fujimoto (2003) 
and Soderberg (2008b) the same models were 
built to examine the eqect of one month lag of 
monthly market return on stock illiquidity. 

In this research, three regression models 
based on time series analysis will be established. 
The prst will test the relationship between the 
daily stock market liquidity and the lagged 
return of the stock market up to pve days. The 
second and third model will examine the same 
eqect however based on weekly and monthly 
measures. Therefore, the second model will 
investigate the inouence of up to four lags of 
stock market weekly return on weekly stock 
market liquidity. And the third model will analyze 
the inouence of one month lag of stock market 
monthly return. Additionally, lagged changes in 
liquidity will be added to the models to account 
for any serial correlation. This method follows 
Kang et al. (2007)’s method. 

Basically, the prst model is as follows:
� �

� �

G G N G N N G N G
N N

/,4 /,4 5α β γ ε− −
= =

= + + +∑ ∑   
(5) 

In this model, stock market liquidity LIQd is 
measured on daily basis. LIQd is then regressed 
on two types of daily variables which are the 
historical daily return of the stock market and its 
own lagged value. Rd-k is the return of the stock 
market on day d-k. LIQd-k 

  represents stock market 
liquidity on day d-k.

Rd-k is calculated through the VN30 index:

� �� �� �� � � ��G N G N G N G N5 91 91 91− − − − − −= −  (5.1)

LIQd = TRMd (depned in (7)         (5.2)

In (8), the lagged daily return is examined up 
to pve days in order to pnd out the inouence of 
daily return on daily liquidity of the preceding 
one working week.

The second model is based on weekly statistic:

� �

� �

Z Z L Z L L Z L G
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/,4 /,4 5α β γ ε− −
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= + + +∑ ∑  (6) 

LIQw represents the stock market liquidity of 
week w. It is the average value of LIQd in week w 
from Monday to Friday. 

� �� �� �� � � ��Z L Z L Z L Z L5 91 91 91− − − − − −= − (6.1) 

With the VN30 index of one week is the index 
of the last working day of that week. 

The third model is based on monthly statistics: 

� �P P P P P/,4 /,4 5α β γ ε− −= + + +  (7) 

LIQm represents the stock market liquidity of 
month m. It is the average value of the sum of 
LIQd with d is from the prst to the last day of the 
month.

� � � �� �� �� � � ��P P P P5 91 91 91− − − −= − (7.1) 

These three models are run on E-Views 
program and will be tested under Least Square 
and ARCH models. Least Square model tests the 
inouence of changes of variables on changes in 
other variables. And since this research analyzes 
pnancial data in time series, it is useful to employ 
ARCH models in analyzing data as ARCH models 
have successfully been employed to predict 
return volatility of asset and it also “provides a 
good pt for many pnancial return time series” 
(Lamoureux and Lastrapes, 1990 p221). 

4. Finding and discussion 

4.1. Data analysis

Analysis of daily data

Table 1 illustrates the result of ARCH model 
running with daily data. All values of lagged 
daily liquidity are signipcant. However, for past 
value of stock returns, only lagged one day, 
lagged two day and lagged four day returns 
are signipcant in the model; it means that in 
predicting the stock market liquidity, it is only 
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useful to take into account the past value of 
stock market return of the previous one and four 
days. And these lagged values have the positive 
relationship with liquidity as the coencients are 
positive. The result indicates that the lagged 
one day returns have the biggest inouence 
on liquidity; when it changes one unit, the 
stock market liquidity change 319.5 unit and 
in the same direction; when this pgure is just 

85 for lagged four week value. There is serial 
correlation of the liquidity as its own lagged 
values aqect its value with signipcant level of 
less than 5%. 

The signipcant value of @SQRT(GARCH) and the 
negative value of coencient for @SQRT(GARCH) 
means that the volatility of daily liquidity has the 
inverse relationship with market daily liquidity. 
It illustrates that when volatility of liquidity goes 

Table 1. ARCH model – lagged daily data up to 5 days

'HSHQGHQW�9DULDEOH��/,4

0HWKRG��0/���$5&+��0DUTXDUGW����1RUPDO�GLVWULEXWLRQ

'DWH�������������7LPH�������

6DPSOH��DGMXVWHG����������������������

,QFOXGHG�REVHUYDWLRQV������DIWHU�DGMXVWPHQWV

&RQYHUJHQFH�DFKLHYHG�DIWHU����LWHUDWLRQV

3UHVDPSOH�YDULDQFH��EDFNFDVW��SDUDPHWHU� �����

*$5&+� �&�������&����
5(6,'����A����&����
*$5&+����

9DULDEOH Coef¿cient 6WG��(UURU ]�6WDWLVWLF 3URE���

#6457�*$5&+� ��������� �������� ��������� ������
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/,4���� �������� �������� �������� ������

/,4���� �������� �������� �������� ������

/,4���� �������� �������� �������� ������
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5(���� �������� �������� �������� ������

5(���� �������� �������� �������� ������

5(���� �������� �������� �������� ������

5(���� ��������� �������� ��������� ������

9DULDQFH�(TXDWLRQ

& �������� �������� �������� ������
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5�VTXDUHG �������� ����0HDQ�GHSHQGHQW�YDU ��������

$GMXVWHG�5�VTXDUHG �������� ����6�'��GHSHQGHQW�YDU ��������

6�(��RI�UHJUHVVLRQ �������� ����$NDLNH�LQIR�FULWHULRQ ��������

6XP�VTXDUHG�UHVLG �������� ����6FKZDU]�FULWHULRQ ��������

/RJ�OLNHOLKRRG ��������� ����+DQQDQ�4XLQQ�FULWHU� ��������
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5(6($5&+�21�( 2120,&�$1'�,17(*5$7,21

�� (;7(51$/�(&2120,&6�5(9,(: 1r������������

up, liquidity goes down and vice versa. Although 
not all independent variables are signipcant in 
the model, in general, from value of R-squared, 
Durbin-Watson statistic, this model is highly pt 
in forecasting LIQ with the value of independent 
variables, and more than 80% change in market 
liquidity can be explained by change in those 
signipcant independent variables.   

From Table 1, it is proved that the forecasting 
model of stock market daily liquidity is presented 
by equation (8), with the coencients values are 
displayed in Table 2.

� �

� �

�����G N G N N G N G
N N

/,4 /,4 5β γ ε− −
= =

= + + +∑ ∑  (8) 

LIQd:  stock market liquidity day d

Rd-k: stock market return on day d-k

LIQd-k: stock market liquidity day d-k

Table 2. Value of coe_cients - time series model 
for daily data

Coef¿cient 9DOXH Coef¿cient 9DOXH

β1 ������ γ1 �����

β2 ������ γ2 ����

β3 ������ γ3 �

β4 ������ γ4 ����

β5 ������ γ5 �

Analysis of weekly data

The ARCH model results for weekly data are 
displayed in Table 3. Only values of one week lag 
returns and liquidity are signipcant in predicting 
the stock market liquidity. Table 3 also explains 
that when lagged one week returns change 
1 unit, market liquidity changes 136.7 unit in 
the same direction. Diqerent from the result of 
daily data, weekly model shows no relationship 
between market liquidity and its volatility. 
Besides, this ARCH model results also conprm the 
decreasing level of signipcant with longer lag. 

With value of R-squared and Adjusted R-squared 
of more than 0.84, it indicates that more than 
84% change in liquidity are explained by change 
in the signipcant independent variables.  

Equation (9) and Table 4 below illustrate the 
forecasting model of stock market weekly liquidity 
with the corresponding coencient values.

� �

� �
����� �Z L Z L L Z L GL L

/,4 /,4 5β γ ε− −= =
= + + +∑ ∑   (9) 

LIQw:  stock market liquidity week w

Rw-i: stock market return on week w-i

LIQw-i: stock market liquidity week w-i

Table 4. Value of coe_cients - time series model 
for weekly data

Coef¿cient 9DOXH

β1
�����

γ1 �����

β2; β3; β4; γ2;�γ3;�γ4 �

Analysis of monthly data

Table 5 displays ARCH model run on monthly 
data with dependent variable is the stock market 
liquidity and independent variables are the lagged 
values of liquidity and returns in one month. Since 
all the Prob values of independent variables are 
signipcant and coencients are positive, it can 
be concluded from the result that in time series 
analysis, lagged one month returns and liquidity 
have the correlated impact on market liquidity. 
When lagged return changes one unit, liquidity 
changes 177 unit and when lagged value of 
liquidity changes one unit, market liquidity change 
0.58 unit. @SQRT(GARCH) value is 0.95 which is 
not signipcant; it means that monthly volatility in 
liquidity has no relationship with liquidity and it 
cannot help in predicting change in liquidity in time 
series model. The value of R-squared and adjusted 
R-squared indicates that the model help explained 
about 70% of the change in dependent variable. 
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The pndings from stock market monthly data 
propose a forecasting model of stock market 
monthly liquidity as shown in equation (10) below:

� �
������ ������ ������P P P P/,4 /,4 5 ε− −= + + + (10) 

LIQm:  stock market liquidity of month m

Rm-1: stock market return of month m-1

LIQm-i: stock market liquidity of month m-1

4.2. Comparative analysis 

The outcome of the research has proved a strong 

and positive relationship between stock market 

past returns and its liquidity. This relationship is 

remained from daily value to weekly and monthly 

value of all the variables. In general, these pndings 

are consistent with previous researches.

Table 3. ARCH model – lagged weekly data up to 4 weeks
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For daily results, this research is consistent 
with Wyss (2004) and Chordia et al. (2005). It was 
explained in Wyss (2004) that the daily liquidity of 

stock market was correlatively inouenced by the 

lagged returns of the market. However, in seven 

daily lagged values, it was signipcant for the 

lagged one day, two days, three days and seven 

days. While in this research, the lagged value of 

one day, two and four days are signipcant in the 

model. Although, the two results are diqerent in 

the order of inouence lagged days, they share the 

same characteristic that the level of signipcance 

decreases considerably after the prst lag value. 

The pndings of this research from daily data is 

in line with Chordia et al. (2005) as conprmed the 

correlative impact of stock market lagged liquidity 

and stock market lagged returns to stock market 

liquidity. Chordia et al. (2005, p101) indicated 

that there was a rise of 0.02 standard deviation 

units in stock spread on the prst day as a response 

to its own decreasing shock; and the response 

diminishes gradually from day-two to day-ten 

as the lagged ten days values were investigated. 

In Chordia et al. (2005) models, stock spread 

represented stock illiquidity, therefore it can be 

understood that market liquidity decreased when 

there is a decrease in liquidity of the previous 

day. Besides, in terms of cross-sectional relation 

between return and liquidity, Chordia et al. (2005, 

p101) concluded that “an innovation in stock 

Table 5. ARCH model – lagged monthly data up to 1 month
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returns forecasts a reduction in the stock spread” 

which means stock returns and stock liquidity 
have causal positive relationship. This conclusion 

is in agreement with the pndings illustrated in this 
research for daily data.       

For weekly data, ARCH model results show 
a consistency with Kang et al. (2007) where 

the lagged weekly market returns were found 
to have inverse impact on change in bid-ask 

spread - the proxy of market illiquidity; it means 
that they had positive correlation with market 
liquidity. Alternatively, in Kang et al. (2007) all 

the lagged four weeks returns were proved to be 
signipcant when in this research only the lagged 

return of the prst week was. However, the level of 
signipcance in Kang et al. model also decreases 

rapidly for longer lags, which is similar to this 
research’s pnding.

Regarding monthly results, this research is 
consistent with other prior studies in Goyenko 
and Ukhov (2009) and Soderberg (2008b) when 

verifying the causal impact that past return has 
on liquidity. In these all three researches, it was 

found that market return Granger-caused market 
liquidity in a correlative relation. However, in 

terms of serial correlation, Soderberg (2008b) 
and Goyenko and Ukhov (2009) explored that 
the lagged value of market monthly liquidity had 

inverse relationship with current value of market 
liquidity when this research found a correlative 

relationship. 

5. Conclusion and limitation

5.1. Conclusion

In response to the prst objective, the pndings 
conprm strong and positive relationships 

between stock market liquidity and its past 
return for daily, weekly and monthly intervals. 

Moreover, those relationships are causal, when 

the changes in market returns aqect the changes 

in market liquidity. 

For daily, weekly and monthly intervals, the 

following formulas can be applied to predict the 

change of market liquidity from lagged value of 

market return. Level of conpdence: 95%.

� �
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+ +

� ������ ����� � �����Z Z Z G/,4 /,4 5 ε− −= + + +  (12) 

� ������� ������ ������P P P P/,4 /,4 5 ε− −= + + + (13) 

5.2. Limitation

Firstly, the period of time in investigation 

should be longer. However, the data was taken 

after the pnancial crisis and the stock market 

bubble burst in order to eliminate the eqect of 

those two market shocks; and this research was 

carried out in July 2012. Therefore, the period 

of time was just around forty months from 

24/2/2009 to 31/7/2012.  

6. Recommendations for future research

Instead of using turnover rate as a proxy 

of stock liquidity, bid-ask spread can be used; 

however, it is recommended that researchers 

pnd access to order books in stock exchange 

companies where the bid and ask prices are 

recorded. Researchers can also investigate the 

intraday data. Besides, surveys and interviews can 

be applied to carry out the research with the same 

objectives. Alternatively, future researches can 

study the reverse relationship such as the eqect 

of stock market liquidity to stock market return.q
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